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Abstract In this presentation, we propose a classification method of cooking operations by analyzing eye move-
ment patterns. Since gaze information is important in understanding human behavior, we obtain it by a head—
mounted device, and use it to classify cooking operations. We use the N-gram model known as effective in action
recognition that focuses on gaze information. Conventionally, only relative movement from the previous frame
was used as symbols for the N-gram. However, since in cooking, users pay attention to cooking ingredients and
equipments, we consider fixation as a component of the N-gram. We also consider eye blinks which may reflect
concentration. The proposed method estimates the likelihood of the cooking operations by Support Vector Re-
gression (SVR) using frequency histograms of N-grams as explanatory variables. The effectiveness of the proposed
method was confirmed through an experiment, which obtained the average F-score of 0.856, 0.168 higher than the

conventional method.
Key words Classification of cooking behaviors, gaze analysis, eye movement pattern, fixation, blink, N-gram
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