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Abstract Recently, techniques to deal with a large amount of video data efficiently and effectively are required.
When we search a news video archive for video clips, persons who appear in the clips are one of the most important
information. Therefore many works focus on indexing of persons in videos. However, in those works, the persons
are identified by the names. In this case, a “name” represents an appellation that changes according to time and
circumstances, therefore, a person can be called by several different names or aliases. This is a serious problem
because when we want to search for the person by the name. We have tackled the problem by identifing a person
who has multiple names with a face matching strategy. This framework does not influenced by linguistic change.
Experiments using a news video archive consisting of 940 hours which were recorded over five years demonstrate
the effectivity of the proposed.
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